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Title: Project on Study of Introduction of Big Data to Prevention and Suppression of Crimes
Researcher: Asst. Prof. Dr. Supatra Phanwichit

Year of Completion: 2022

Abstract

The objectives of this research are: 1) to study innovations and technologies relating to
big data, and introduction of big data to use in preventing and suppressing crimes, both for
monitoring and following up crime prevention and suppression, investigation and gathering
evidence; 2) to study laws relevant to problems and limits in use of big data for preventing and
suppressing crimes, either legal restrictions, readiness of agencies and human resources, as well
as impact on rights of the data subjects; 3) to analyze forms and approaches to use of big data
for preventing and suppressing crimes in foreign countries; 4) to propose an approach to amending
laws for supporting use of big data for preventing and suppressing crimes in the public sector; and
5) to propose an approach to preparing law enforcement agencies for supporting use of big data
for preventing and suppressing crimes, as to achieve the highest efficiency.

The research methodology comprises of documentary research, in-depth interview, focus
group, and seminar for hearing opinions from competent agencies and stakeholders.

The study shows that big data are beneficial to the justice system in various respects,
including monitoring and following up crimes, preventing and suppressing crimes, investigation,
gathering evidence, as to enable efficient crime prevention and suppression measures. However,
at the present, Thailand still experiences several problems with and restrictions in use of big data,
for example, legal restriction, impact on rights of the data subjects, technological restrictions and
use of data, restrictions of storage and connection of databases. Therefore, the researcher
proposes an approach to solving the problems by amending Digitalization of Public Administration
and Services Delivery Act, B.E. 2562 (2019), adding a part concerning administration of big data for
preventing and suppressing crimes, stipulating criteria for connecting data, data cataloging, analysis
of data for criminal tendency, as well as allowing public agencies to access and exchange data
with the private sector for using the data in missions of crime prevention and suppression.

Keyword: Big Data , Prevention , Suppression , Crime
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4.5.2 Wawrszuunisteadu Aenny hsefwaginssimaanaiunianalulad
wazuianTsuAdva uardndaruduszanuu fu Cyber crime

4.5.3 afauazimunssuugIutoyanaauetedAns (Big Data) liasaunguyn
mihgnuuagiuay Weatuayuasiamnaldediiussavinmuazidenlostudruswnsduld

[y

4.5.4 WawarUsuisn1suURnussuunsuImsinnsaudeya 910815 uaz
a PR o o 1Y S o A & aaw
nsusnsUssvulivivade Taedwinnssy waluladuazszuumsiauniduadvaunldlunis
IS wagmsdndula
4.5.5 WWUIANEAIMLAZN1TTIANTANNIVRIUARINTNNTEAUTY Tudumalulad
WIANTIUAINA
4.5.6 MyuansaudnTarinmiangunsal n3elewmsasldnviuady srunvue

MINUN 19U 1199771A AABAIUBIANTNYINNITIaE AN N AY TANINaLas RN auRDN1T

U UReu

a aa d Y Y
1.5 uulAauazngufiinedasiunisdasiuenvginssuy

LWIAUAAYDY Brantingham wae Faust lananiliin nisdesiudaymenvayinssy
aunsanansilnauiuIneeiy adtee Aunistesiulsavseguainvesrusinmsdesiugy
XA Y & . . Y o~ .
11 A Mstesduluduwsn (Primary prevention) nsdesiulusyegiides (Secondary prevention)
way nstesnulutuiian (Tertiary prevention) nstlasiulsaludunounsn As nislaindutlosiu
Tsa sasmslisuuzinsguasnwguamsisniglignauewnds Tnewdmifassagududln
Auwuri nstdesiulutuiiass A nmsdesiunusnmiiennnmslesiundsnuviesglansyvied
waslunady azuenianuy agdeysnnuaulalung iswsazsiesiuisaniunisalveslsad
Usngbiiusutngt Wueinmsvedlsafifialuwds saulddsnshumaunfgiuvedlsaluusazlse
Lagazdollszuuwmisunstunsasamanufgiuvedsasenaniluegieiag mstesiuludui

A [ ! =i A S A & A A LY 1 & o

a1 Ao Mstesiuludiuimdoantuinis wastuiiass fie nstesiuaingUlemiulsadaau

G 1 a CY P [ a [ A L% 19 ¥ & a v [y
Wi@@?ﬁ]ﬁ]%ﬂaﬁﬁlaﬂu‘ﬂﬁu\‘i’ﬂL‘ULIﬂ']iLEJEJ']EJ’]'ﬁﬂU’]QU'JEJIM%']EJSU']G] Tl dulsadnass ﬂ']ﬁﬂﬁ]ﬂﬂu{]'éy‘ﬁ']
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91y INssURuReITuaNnsazigluuulasisnistesiulsalunisnisunmdun ldiunistesiu
Aananilet

n1stasiue1vinssailutunsn (Primary Crime Prevention)

suuuvlumstostutiymenggnssuluduiivarssuuuy Tuiitasmneds
N1590NLUUA WINdex (Environment design) A9z Teveaiioutu (Neighborhood watch
and citizen patrol) miL%'auftﬁmﬁ’umsuzg'mﬁuLLazmiﬂaaﬁ’uawmﬂiim ( Education about
crime and crime prevention) syuuANUaeasudIuUAAR (Private securely)

- M1PRNLUUAIMINGBY (Environment design) mineds maflacngg
Tun1stesiutgynianveyinssu L{fmmwaqmﬂﬁﬂmaﬁ‘ﬁyﬁLﬁ'aﬁﬂﬁ@fﬂisﬁwﬁmlé’mm?fﬁu
uaﬂawmﬁué’wmmmﬁanmﬁ]’mLL’;mz’j’ﬂﬁﬁuﬂiwwuﬁagjmﬁ’s nsadnAnuanvasnsisly
TinuasningauasUszevuliunivaiseenllannddu nmausulunsugnadiseiaisio
pfeliineRonITuB Y ﬂ’]iaﬂgl’jﬂLLﬁﬂﬁ’j’]ﬂﬁLﬁmwaLLazﬂ’lia@g’ﬂLL‘U‘Uﬂ’]igaﬂ‘U%@IﬁLL%QLLiﬂﬁum
LaznsvASemngasuUn NG Auvawueaioliiedon1suenueLLAL IS

- a5z Teveait oud 1y (Neighborhood watch and citizen
patrol) nuneds NMssruInsETasn1sinaen e ud Ui e08nn 1999 wazRoEdRnd s
auadsfunaziudunisifisdanuansavesguviliidssdesvevgnssulianesassainis
L?UuiLﬁlﬂ’JﬂuUaijﬂﬂiillLLazﬂﬂiﬁ@ﬂﬂWUQWﬁyﬂﬂiﬂJ (Education about crime and crime
prevention) #1189 AANTTUAILY suamuqﬁﬁﬁmmamﬁywﬁwmﬂﬁgwwa'auﬁmsz’faﬁumi
‘il'eNﬁuﬂzy,mawazjzyﬂﬂiiﬂuﬁifuLLiﬂwgﬁu 9109 Aanssuved M9 N5UIINYAIV09
Wmtidisea o Ailedinigeuriliussnsuananumandrensginssuadivludag e v

] =

UATALAZIUT YT T WREITY Makazswiueitiglilnsziingeusuiisanudessonis

nseyReveInUIDLRLNNNTUS DY WanHduangdesiunsUesiuluduusnisdy dwn1assh

)

sgildrunnedesiumsdesiulutuusniuiiouniisnulunssuiunsyfsssudus Ao ddudqeli

' Brantingham and Faust .(1976) A Conceptual Model of Crime Prevention . Crime Delinquency

22,1976 , pp 284-296 . 819@tlu aliw \drlauTANa Uay HALAT.YIYANA NREN diusul, MIANYINIMLINIG

Tunsfestuawgyinssuwuulilumenns: ndifnwiluangamnuviuas , ngemn : ddnaufanisyfisss
2552 , %t 17.
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ToyanunaseneIfuaNuTuLsveI vy Insslulagiuimhenuefisssusieg asdeadinuay
wazwily Faagvilissrivwiiluanunsageusuninuassdutiuld

(%
Y

L 1 . <A 1 q' v
- syuuanuUaeniudiuyAna (Private securely) W Aflduiigves
funstesiuluduusnmileudu Ae ddrufgitedlusuvesmsativayuvseiidiuiemaeniienu
Tunszuunsgisssumaengangg egradunisnislunisiuaiyuazdudinisnszyiinuesenvan
n3
Y} X v oA I al' Y W 3
nstesiusrvginssuluilssiunsotulsnazinettesiuussiauligmnig
(9] 1 [ = [ & £ = ¥ [ a ~
danagnnde Fussnulgymimaiideunaungitasnulymeanvyinssuiasnganssuiloauy
naniAe n1stdesiutgninaiidunnsidesdasiunisdsnn (Social prevention)ianssulunis
Yosdunsdinumarilaun nsudletgninisinenu nsudlatdgminisdesnisAnyl nasudly
Jgymanueinau uenantu Aanssumarddmunesuisnsuilonginssudeauu Taaiulun
AWANITAANGANTINAINGTY Faiinavi il vne1ve NI sULaEANMINANGIFRDIYYINTTUARNGS
¥ I < [y & & & a
auluaae og1slsiniu nistdesdudgnienvginssuludunsnil uenanazidunisweeiuiag
NANLA BN ANTTUT VLA N ANTIUDIBYINTIUAING1ITUAT NITAAMIUNGANTTUAINAIE

I v a a . . =~ A
9UN QﬂqimﬂLﬁuaLaﬁlﬂqBWi@LVﬂ 81YYINIIU (Victimization) a']"i]Lﬁ‘LJVT‘UVI'N‘Viu INanAiInd

manamedgyenwginssuasls 2

nisUosnueisnssuluguiiass (Secondary Crime Prevention)
gis Nsnge Nz lanednenmlun1snseyiiave nTEYAAL
a A o O o a o = ' v @ P ) & A &
NYIYIUTVTUNTNUYINTOTUGTIN1INTZYIRANLY ionanladntenidsin nmstesiuluduiiassi
WEde ANEINNTaTeIdIANLaNsTUIUNISYAsTIUTunITN Az A MuaUsEIAuT LAz AT
mnazunseviwedymiidueglunaiuldegagndeswiugiunioaiiisda nsiznisidn
wnsnugedymensevidaduls diulvajunainnisitlamenziunsoiuwedgmiaindidnseiiin

3 I [
YU LUunan

? Brantingham and Faust .(1976) A Conceptual Model of Crime Prevention . Crime Delinquency

22,1976 , pp 284-296 . 819@tlu aliw \drlauTANa Uay HALAT.YIYANA NREN diusul, MIANYINIMLINIG
Tunstlesiuervgnssuwuuliifunenis: nsdfnwluwangunnamiuns , n3ewm : drdnnufanisefisssy
2552, Wi 18.
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FasUwuulunisteenuluduiassinde sUBUUNLS8NI1 N15T89A N

Y Y

I

anunisalfiiduaisluniaiu (Situational prevention) nMstdesiussnanffe nsivuaUszLAu
Jayylvivavaawsewiutndu wdatwiniswnsnusnlelamitdug Wlana susuulunistesiu
sanantiazneiteasiumalisuwlasdlulussuunmsnsiansasadedluguau (Surveillance) 94

¥ o

lutanmsiasunlasunlafanssuidingaus Mneatesiuizesinayg Aanssudunilandney wazd

A a

ANNduusag1aunnwaziinmanganiunstesiuluduilinnfigede Aanssunisend “fAsia
YUy~ (Community Policing) ¥ udu3gn1sii desendagugudunssuudladgymdulagnss
Tnglanznsefeiioutuduusledgmaingn enananlaan ABmsiduismswilsfimangay

Tunisdasduevginssuluduiassluiniige n1stvestudymersyinssuludun asdl

[
[

Tnaonidsunuuismslunistestuludunsnraneisnisaieiu wanistesiuludutifiidounnsisly
nnstesiulunsnassitinistesduluduiass iWunistestuainanimdymenvginssud
Unngliiusudavisedaaundidanemdidniunsudlatgmdanantu uinisdesdiuludun

Iq! U y:.’/ U :.’I U I a U gj d‘ &J I 1 o
nisanunsatosiulansudanimvasdgmdudiliiin uaznmslesiulutunassibiiessaz tosiu
Yamorwnssundng selananuanvindudmuneswluisnistesiunisnsyyinveadnuay

& a a | P [y I [ = a [y a ~

WM IuIngAnssuileauusngg Mdudunsededinuie easioulesiunganssulsauy

auq anvaneFURUY

nisUasnueignssuluduiians (Tertiary Crime Prevention)

nstasiuesgnssuluduiiluSewainszuiunsyfsssuniozfoudiun
o A ‘:4' o i i | o 1 v a o Y = i o
ANUNSTLUERIAINETT 881N NTTUNNVRRI TN N1sdailoanTeliioswemidinuy

dun1suarn1sAIuANinda nsurdaudladundnseyiiaveudmiifiswineivani \Judu nns

¥
o

Joaduluduil irlandnvesnisdesiude n1sdesiunisnseyiniagn (Recidivism) vednseyiin

v v
o

15 a o = a & A ad U z f-éj IS ad v LY aq a 1
lailinsgvinRngnduundn ﬂaQWﬁMi@QWﬁ?ﬁIUﬂWi{]@ﬂﬂuﬁlu%'L!‘Ll UADITNIYNU IBLINLIYNTIT N1T

[%
LYY

tuydugadunsdifivay (Specific deterrence) #1W3sTIdo38NIN N1TANAIINANLNIAVBINN TR

(Incapacitation)

[
Y

1 (Y 1 aa ope = =
nsvuggugadunsiiivay (Specific deterrence) MH1803 AIUNYILINTN

(% o a

val 9 ¥ o a A & a 3 o 'Y o a
svdosiugfnsevidialdlvinseyiialugduuudug FJuandn Wunisisunivualneuidnsgyiie

TR i nTeyi R ANSIuaL SANAQAEATAINAIUNTI ATNITANAIUAINITAVDINNTEII
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An (Incapacitation) 1umstesiuesginssufiliiAnduandnluewan Ingedaniseunuinszsin

3 Ay

Anudavaulurlranailanamidadundnd %mammumﬂ AsAnFunnsvatsnazidumlandnues

Y

a a4 o

NM3anTAANAINNTOVBIENTEIRANAD N1531ANWEBN13ANTY (Incapacitation) Fadwisnsfiay

)
afinnun1snseyiavenseiindllvinseyiaduandnlugisiailananis disnisaiuauaug
294 Incapacitation Ao 15n159158AIT N1TATIINTIDE1TLIA (Intensive supervision) LaznIT

AnmusieinIesiiediannsednd Electronic monitoring >

1.6 wuIAARINUNMSANATAITaYAHIUYARS
LWIAANISANATITOYAAIUUARANILNTBUNSANATEIUBYRAIUYARTII Y UALAY
99ANTITINTOUALNAUINILATEENY (OECD : The Organization for Economic Cooperation and

Development) Tu OECD’s Guidelines Governing the Protection of Privacy and Transborder

[

Data Flows of Personal Dats finaniiugiu 8 Uszn1s nanifie 1) nandadinlunisiiusausiu

% [ % [ o [ IL [ < (v ¥ Y
YU 2) VANAUNINUDIVBYA 3) waﬂmimwummqﬂizamiumifﬂmm‘u 4) nandaannalunisg

AV

Y 5) nannssnwenuduaslaeadedeya 6) vannsiamedeya 7) ndnnisildiusiuves

a

uAna 8) nanAusuRareu dmsulssmalnefinguaneiineldudeyadivypnadududns

wywerutuiuguludagdunngldndnaussssuyauriasverandnsing w.a. 2560 ngruefng

Ly

Tudunguinenanaiieduasesfoyadiuyanafonszsylydffuasesdeyadiuynna w.a. 2562
LagngMuIeLi 839038 nrateatu 09 NIz YU AToYaY1I@1TVRIITIVNNT W.A. 2540

va | Y wa |

Wi”i’]‘U‘UZUﬂJG]’J"IG]'JEJﬁﬁﬂiilI‘V]'NEJLﬁﬂ‘VliEJ‘Llﬂﬁ W.A. 2544 Wi”i?‘UUiUZUG]’J’]WJ‘EJﬂ’]iﬂT‘”VI’]N@Lﬂﬂ’)ﬂ‘U

D Ag] AR}

AeNfimes WA, 2550 wavnszsvdyaAnisnwenuiuasaonselaues w.e. 2562

1.7 Ll,u'aﬁﬂmiﬁﬂﬁU@LLa‘l’fagamﬂ%ﬁ (Government Data Governance)
N3EIUYYANITUINITNULELNISIAUINITAIASTH IUTTUUATA WA, 2562 |a

muualinilsauniasgynuiaiininnlunisiduguadeyavesesdnslvgneewmsaiu auysallu

> gilw \aalausana way nA.As.wAdln nmen dSerudl, n1sfnwmuimidunisdesiua1ygyinssy

wuubidumenis: nsdfnwiluaangunnuviues , ngann : drilnaufansyfisssy , 2552, v 19- 20.
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Ja3Uu Yaenduuazniauldniunsausssuniuiateya (Data Governance Framework) U89

a

dnnuiausguIandva (ans.) lnedingussasau oy Wldnishiusnismunisiavesesdnsegna
= a a v a a '3 L% a
fuszansamuazadvayuliiianisldusslovddoyaidadnszrivsenaunsindulainauny
UTNIT9IU N153AYIENTAIANTLAEAINUALLEUIETINYINITHAUINTEUIUNTTVUY VI IAE
Usgansnmuaziiuanuaunsalunishivinisussnsulaegraduusssy uenainil msfiugua
Toyad NZ AL Laaiwuwmumm%mmiaLLamUa&Jusuamaium'mﬂulﬂa&mmmm%m WAy
wiaudmsun1sliuinisveyaln (Open Data) duaziluussleviunansisae
a 4 = I3 (% d' o Y v v = 1 d' S Vo

nseusTIAUIateyaiiyaUsrasAvaniaiiuliteyaianud wyede lasunis

mruguasgulussuu wagldsunisusulsainane lnewiulvidoya Saun1w gnees auwinauNa

Hutagiu asudivanysaluazaenadosiu uwamanismiuguadeyaiiviadu ¢ Tuneu daselud’

1) M3NlASeEsNUAINTLAEIEUANSURRYRY (Organization and

Stewardship)

(%
Y

N15U3MITANISITaesssInAUIateyatulinududeuuardusieoi e
Valufifvesnisiuuangunaeiuleuns waznsivssuuasaumaiensiiugua Toyalmiuly
AuuleungeAng Ay n15elassassyransiietdunnenssunisteya (Data Committee)
Mmgauiadianuindu lassadnauenssunstoyanisussnaumeyaains 3 ngu A

Y a U Y 3 a Y o a

« {UIMIIEAUNANLAETEAUEIUBIeANns Ininflunisuszidy (Assess)

wazousld (Approve) Wluieaunisiiuguateyavesesnns dsaisinsnumulusses 9 i

v 1

Usuliuasty suiaiuthilunisdeduladesiiiedestudoyalufifisng 1 lnsawgnmsdngula
Fonmirsnuidvesdoya (Data Owner) dwiugadayafiimaifusidoumeluosdng el
NAANNADAARDIVBITOLAFINTUNITIATIEN

« sununguldfeyaviedildiufsdeman (User/Stakeholder) anndu

e 9 dnthilunisivuaaninisidnfadeyavesyaainsnisluwaznieusn suvaNIvun

* aondudaasun1TATsikas U Iteavuaviainass (GBDI) , nTeumsiasigideyavuaive

mﬂ%'g (Government Big Data Analytics Framework), 2563, 91 34-40 |
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nqnasilunsimiuguagadeyafidrunusuludivesuessulouie Reulaniseyliflddeyaves

uﬂﬁﬂﬂiﬂ’]ﬂugﬂ@\‘iﬁﬂi

= b4 dl

- Waminfiarsaunadaya (Data Custodian) dntnluniswawl 3am
szuvasauvAiieiiuguadeyauaziinadnslunisidfsdeyasgrudugusssun uulouied

ANVUA

v a

wenani Aznssunsteyadulivthilunsimualangandywivieninuinnme

[
(Y o w s

Yodumasg ununvisodiunu ieldidugadsiulunisseuyadoyadiAnyvedaddns wasiinun

HAUANYBYa (Data Controller) )14 Uaya (Data User) wag § Uszuiavaya (Data Processor)
dnfuusasyadeyasisdunthilumsviinusiu fuuinstoya (Data Steward) ionsaadouuay
uiladapmnugunmdeyauazausiunsasniedndie
2)  msdaviuleuienisuimsdnnisteya (Data Management Policy)

Asfinnznssunsteyadostudumsludduusniensimunulevis il
msuivnsinmsdeyaegradussuuuiddidu a Sandn ddl

1) Msdnmsaeasiindeya (Data Lifecycle) : fidumsnanaln tiednnns
foyaninssiniisuainnsaine (Create) dniiu (Store) 1Useloml (Use) drsaadioya (Archive)

1 aa ¥

wagyianedeya (Destroy) lngszunsyurunisuazngnanninduluwiazdsdinvesdoyadmsu

[V
(Y v

YnUoyaRITavet0eAns el oUseanSamlunsuImsIang AuenIIUNMITaYAaNLITASHRIN

o w 1

mMssestn Teyaddyuisdruneuiioannugsenuazsendnsutszana Tluriasnasiden
druauinsesuazseyndeyai e9nvi “519n15yadea” w3e Data Catalog Inefinisld
“eazidunyateya” (Metadata ) P amns.imua
2) msnaulevesuanuiuasiasnfouazaududuyanavesteya
(Data Security and Privacy) : $19ulgungaunisdesiudeyaluuiunveinissnwiainugu Ay
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https://www.annualreviews.org/doi/10.1146/annurev-lawsocsci-101317-030839

3" Sarah Brayne. (2018, October). The Criminal Law and Law Enforcement Implications of Big Data.
Retrieved from Annual Review of Law and Social Science, Vol. 14:293-308:

https://www.annualreviews.org/doi/10.1146/annurev-lawsocsci-101317-030839
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% Haggerty KD, Ericson RV. 2006. The New Politics of Surveillance and Visibility. P.3. Toronto: Univ.
Toronto Press

* Barocas S, Rosenblat A, boyd d, Gangadharan SP, Yu C. (2014, October). Data & civil rights: technology
primer. Retrieved from Data & Civil Rights: Why “Big Data” Is a Civil Rights Issue, Washington, DC:
https://papers. ssrn.com/sol3/papers.cfm?abstract_id=2536579
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%% Sarah Brayne. (2018, October). The Criminal Law and Law Enforcement Implications of Big Data.
Retrieved from Annual Review of Law and Social Science, Vol. 14:293-308:
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1 G. 0. Mohler, M. B. Short, Sean Malinowski, Mark Johnson, G. E. Tita, Andrea L. Bertozzi & P. J.
Brantingham (2015) Randomized Controlled Field Trials of Predictive Policing, Journal of the American
Statistical Association, 110:512, 1399-1411, DOI: 10.1080/01621459.2015.1077710

%2 Sarah Brayne. (2018, October). The Criminal Law and Law Enforcement Implications of Big Data.
Retrieved from Annual Review of Law and Social Science, Vol. 14:293-308:
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** Brayne, Rosenblat, & Boyd, (2015, October). Predictive Policing. Retrieved from datacivilrights.org:
https://datacivilrights.org/pubs/2015-1027/Predictive_Policing.pdf

“ Brayne, S. (2017, August). Big Data Surveillance: The Case of Policing, Vol. 82(5) 977-1008. Retrieved
from American Sociological Review: http://users.soc.umn.edu/~uggen/Brayne ASR 17.pdf

* Caplan, J. M. & Kennedy, L. W. (Eds.) 2011. Risk Terrain Modeling Compendium. Newark, NJ:

Rutgers Center on Public Security. Retrieved from riskterrainmodeling.com:
https://www.rutgerscps.org/uploads/2/7/3/7/27370595/riskterrainmodelingcompendium_caplankennedy2
011.pdf

% Brayne, Rosenblat, & Boyd, (2015, October). Predictive Policing. Retrieved from datacivilrights.org:
https://datacivilrights.org/pubs/2015-1027/Predictive_Policing.pdf
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" Brayne, S. (2017, August). Big Data Surveillance: The Case of Policing, Vol. 82(5) 977-1008. Retrieved
from American Sociological Review: http://users.soc.umn.edu/~uggen/Brayne ASR 17.pdf

* Mohler, George & Short, M. & Malinowski, Sean & Johnson, Mark & Tita, George & Bertozzi, Andrea &
Brantingham, P. (2015, October). Randomized Controlled Field Trials of Predictive Policing. Retrieved
from Journal of the American Statistical Association:
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* Brayne, Rosenblat, & Boyd. (2015, October). Predictive Policing. Retrieved from datacivilrights.org:
https://datacivilrights.org/pubs/2015-1027/Predictive_Policing.pdf
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*% Michael Price. (2013, December). National Security and Local Police. Retrieved from brennancenter.org:
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3191041903 MSUHUANINIeNITIT udsduldnguanesneg saudsaduayuanu
frumsliryinunazdismienudulostussuuasaumaionisdoa suesdsuna
(Government’s communication and information systems)
Hagtuluansworandnsinisldmaluladiinseideyavunlngiietnguszasdnsldly
uinanuate duivaudiunstestunasusuusuevyIngsy ansverandnslali

Y

audAyiunMsldusglenimalulaginneideyavunlvgiveingusvasddAglu 4 drundn ™
Lo

1) MINEINTAILNUT DY INTIUAWUN (predictive crime mapping) Aid1u1saAIANITA]
cglJ A a . . a PN = | Y a Y aa 1 1 o w
#uFea (identify areas) 9sino1wey TN Feseliaansldninensilieget1ednin
lpfiusgansnnuniign

2) NM3ILAT1EY TR A1 INTINA MY (predictive analytics) duaIN1IYIETEY
AMANYMEYARaNITlaNAE 898998 UTENBURIYYINTIUNYT YSoRMaNYMENatnTauludnsne
91 INTING VDI NTZYIAILAR AaDAILTEUANENYMsTeIYArafililanaidesgeaznateilu
\WEDB1YYINTTU LU N13FEYMIE (missing)

3) NMFIATIVTOYAD1VYINTIUTUGS (advanced analytics) @158 ITAMTNNA533

14 L3 14 14 1 [ a a 1 (2 ¥ % a

mvAuwarldUsylovdvestayalaegradudsednsan dwnishseidaglduinnssunalulad

1199 1Y szuunstuiinamadeulmngniuainlaendssiaasda (CCTV images) uazszuy

n3rvaeutenzioudnlud® (automatic number plate recognition; ANPR)

"¢ Alexander Babuta. (2017, September). Big Data and Policing An Assessment of Law Enforcement
Requirements, Expectations and Priorities. Retrieved from Royal United Services Institute for Defence and
Security Studies (RUS),:
https://rusi.org/sites/default/files/201709 rusi_big data and policing babuta web.pdf
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4) welulagvayavuinlug (big data technology) fisuuuuianunsausuldlatiuunastoys

v ] [ [

W 017 Feyafignimifivanuvasdodenuesulall vislmTuaiide eustlovisunisszydym
9190 INTTUdUITAmalAnNTTRLINaensnsUsAuldngmnedlesiulasely

a13lshf wimhenunasgansvetandnsasinislivsslesianuinnssuiinsgideya
Yualvg 081903199319 19 d1dnUATININTWAEAANINT (Her Majesty's Revenue and
Customs: HMRQ) dinaluladifievisanuddglunisnsiadunisuiini® (detect tax fraud)’” ws
dinausinluansverandnsfiounnannannssnuiuiidesionninesginssuiedy

[ [ =

nuadyrdnunilandudinsdeuiinusunisdesiunazysivusueivgyinssulaglduug
U UANToNagnsnN13A14Y19NT89UINNTINITUIFBNARITNITNEINTU N UT LT 895 an15L7n
91910 ssuaImt WWrldysunisusuldsauiusuinuiianisviauwuuiy Nednudig
dunaudisialuansivenandnsdrviuluninilavigendwisdnaludsuldlunagninis
UfRnueenasiansvseannsenuiuilulagiu *
= awv = % ° 1 o v

31nN15AN¥IFETLTY A6 2018 AuTIWINMUIBNURTIT UM TTLTLUTHN Y

AIANT5I19Y1N3INTUNITUHURU nudiniisaudisialuans ve1andngageen 31w 14

wismdausuldlusunsudenatlunisujianu druusnmiiennduuimihenueasysulduineu

LaviseagTEnInnsAnyITeiiensusulelusunsy dwdlseazideanunisnei 17

" The Parliamentary Office of Science and Technology. (2014, July). Big Data, Crime and Security.
Retrieved from Houses of Parliament, The Parliamentary Office of Science and Technology. POSTnote
Number 470: file:///D:/P%20Pim9%20big%20data/UK/Big%20Data,%20Crime%20and%20Security%20-
%20UK%20Parliament%20POST-PN-470.pdf

® Hannah Couchman, Alessandra Prezepiorski Lemos. (2019, January). Liberty report: Policing by
Machine. Retrieved from libertyhumanrights.org.uk: https://www.libertyhumanrights.org.uk/wp-
content/uploads/2020/02/LIB-11-Predictive-Policing-Report-WEB.pdf
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A19199 1 IIUIURUBIUAITITUERTIF1UINT (UK) (police forces) MldlUsunsuatnnisal

219N lun1sU{ R

WUI9IUAN523 (police forces)

aasusuldlusunsuaianisal
WWUTN 81Y5Y1n33Y4 (predictive
mapping programs) %3 88§

sendnanasandsuly

masusuldlusunsudseiiiunlny
V8 Bes1su Analunisng
91981334 (individual

risk assessment programs)

Avon and Somerset

\/

\/

Cheshire \/
Durham - \/
Dyfed Powys \/ (GEEE P RRREITIZIR)

Greater Manchester Police

Kent

Lancashire

Merseyside

The Met

Norfolk

Northamptonshire

IR R R R R R

Warwickshire and

West Mercia

V GEFATPRNRRPTIN )

West Midlands

\/

West Yorkshire

\/

3.2 uumnenisiddeayavunnive (Big Data) lun1stasiuuasusiuusuenvgyinssy

Aretayavuinvgaunsagniesgilagldinalulagidadinseilanainnatesuwuy

nurgudeAulYngmuie (Law enforcement agencies; LEAS) hagy13841UAI113] UAIWAS

F1M01U13NT (security agencies) luansveandng (UK) iWumbenundniildusslesidoyavuin

Tngivenstlosiunazusrvusueaginsadluaiulu 3 arunean A 1) srunisdesiusivsgyinssu

(crime prevention) 2) N19A5193U819Y1n554 (crime detection) kag 3) ATUAIINLT UAILIA
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51991041905 (national security) afle wmalulagnlglunisiasuuszansnnlunisaiuauaiu

[

AINEMVBIENTITOIYIINTNUEUT TR

3.2.1 szuugudaya (Database)
nirsuveAuldnguune (Law enforcement agencies; LEAS) Wasnul841uAY
AT ITe108NT (security agencies) luansiwenandng (UK) e
1) whrsnutaruldnguane (Law enforcement agencies; LEAs) Usgnaumie
1.1 Meo1¥aynTsuviesiiu (Local crime agencies) Usznausg d1tine
FN57991UIU 43 WASLULIRaRI1¥018419 NS (United Kingdom of Great Britain and Northern
reland; UK) 4 9Usznauludie Useimasangy (England) Laad (Wales) wagnuaguin191saa
(single Police Service) Tuuszine afonuaus (Scotland) waziaiuloswauniuila(Northern
Ireland)
1.2 mirgUeAuldnguaneseauyif (National bodies) wagniasns19
UjURn1siiLAe (special police forces) 819 $i1532YUEDING Y (British Transport Police; BTP) wag
MI1891UYI VYT INTTURM TR V09an5 1901019 nS (National Crime Agency; NCA) 7
AMIUIIUAIUNITUTIVUT I INTINS 8L (serious crime) Laza1TgInTsueeAns (Organized
Crime) uag
2) MIIBUAMUTUAINTI¥O1013NT (security agencies) Usznausig
2.1 nureausiuAs (Security Service; MI5) & uduniaed1insesnnis
wHun 5 (Military Intelligence, Section 5) ﬁeﬁ’%ﬁumué’wumiLﬁuswsm%’agaﬂmmaqLﬁamﬁ
ARAIUNITADNITIBAENTLATNTTY (terrorism and espionage) NeluaTITOIUNTNT
2.2 nila8919n5898U (Secret Intelligence Service (MI6) 1 uvnuaesud
AIUUAUNSAUTIVTINT aYaY1INTRIUBNANT YOI N (secret information outside the
UK) #3emsdussmsduuenansivenandnsileatvayuaiunnusiunanigluuszime (national
security) LLamuwﬁ"umwwmegﬁwaqamwmmw‘”m (economic well-being) ay 2.3
noayvu1n194 0a1590935U1a (Government Communications Headquarters: GCHQ) L1

wienumiuguateyanisindedeaisndidnnietindiienuiupsnsluansveinndng nns
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UJUANIIM1enIsnmns udsduldnguangsig saudatvayuanuaiunsiiauing way

Pewdsnuiulesiuszuuamsaumaiionisdoasvesiguna
mhpnufainanimafvnunudoyavuialngfivarnuats Feamsouwady 2

Usziandaya fe 1) dayauuuiilaseaina (Structured data) 1Wu yadoyadisluuuuny (set format)

a a v . A ¥ 1 1
919 @01UN UTLLANVDIDITEYINTIN JULUUAITNUGNTTU (DNA profile) #399D3ad1UYAAAAINT

[%
1Y =) (Y

VoI TIQNIUNY (arrested) (charged) n3aAdon uar 2) Yoyauuulifilaseasne (Unstructured

o =

data) Ao Yavayanlifuuulay 917 feEUARIWTEANATISNNINTAI MM TIAENEY Toya
= ' a va [ a 1 a wva v a
waniiiusiunulaeniieudfinisluseduriesiu (local forces) WagnuigujuRnisseauyi

(national agencies) tel¥Uszlevisiuiusugiudeyarnnsesesdinnuiavediuuaz e

a LY a a

UURN159AUYI6 019 stanuisuuanislusesauiasdiu (local police forces) hagnuae

[y

U URN538AuYRA (national agencies) dinsldgiudayaseauralusyuuasuiamesaneg suiuy

1) §1uteyaMTITERUIRlUTEUUABNTIADT (Police National Computer; PNC)

Fagnadrstumafausndausinasd ae. 1970 grudeyaiasusenouludedoyaUsson Useia
21913531 WuUsEIRNIsYAinINYIaging (convictions) N13AnLABY (cautions) Asiiieundy
qmﬁw (final warnings) wazn1561millntg (reprimands)

2) g1utenanusNsINUAza18d 2570 (National DNA Database and IDENT1
Fingerprint Database) lnsgnudoyadiasfudoyadidnnsetindiisatusuuvuarsiugnsss (DNA

profile) wazaefiaiiearn Ngndunu (arrested individuals) Waghnaaninne1vyINIsy (crime

=

scenes) Tud p.A. 2013 H51891015 UTBYANUINTTULAEAN8 T (National DNA Database and

a o

IDENT1 Fingerprint Database) fidgy@nistuiindeyadidnvselindansihilowazguuuuansiiugnssy

[

o ° v I A oa . °
21N ‘V]Qﬂ UQ@J"\]’]U']‘L! 6,737,973 VYUY AZINNLUAINNADIYEYINTIL (crime scenes) I1UIU

ey

428,634 Uy (profiles)

3) 1UTPUARNTIATEAUNIA (Police National Database; PND) ondwisgiudoyail

Y

s

gnasisguasesnidliel A 2011 lnedidnguszasaiianusludoyadninsessiuiuluseauyif

1%
[y

Poyar1eq Ngniuiinlagdrtinauiinaneduargndmandulugiudeyaiilnednluds
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3.2.2 dumesiinuasasswae (Internet of Things)

o s

Bumesiinuesassnds (Internet of Things) AamalulaBiivanesiuds ng aunsal
Q‘ dl ¥ QI o aa dll d‘ 6 14 dy = L%
Wvuy Faveuaiedld wardsduigauazainludingue) Nuyudaiiadulaeiinsdeinve s
Bidnnsetind gonduas Wuwes uaznsiweuseniuniatie (network) Fsinggunsalivaril awnse
& o = a Y Y% . . A 9] ) ¢ v
Nutuiinuaziandeutoyaruls (exchange information) Weussanisldauingussasanunis
309199938 (smart recognitions) N153EUMUMLY (positioning) NsEUAAMIA (tracing) N1sARAY
(monitoring) ag N1TUTMITAANTT (administration)’™
Y] ya s & a . & N =

AT 1UNINT LB UMBTIIRUDIATINES (Internet of Things) 1uLAIasiinlunis
UoaiunazUs1uusNe vy 1nIsuna1susziayn @A108101u 91vy1nssuussiananning lag
Wt selulssmagengeanansadunud nsevinanuiegudnvluglilagnisnsisaeunis

s v ¥

Fousimgunsaliiuneashalyl (wifi routers) 8o BT vosthuinuiu 4 nasdniu wildutufediuves

g_

[y o

Jidemeiignanniwmg (burglary) Tuneugianainansiu mevdsmsasiaaeunuiniuneslol
(wifi routers) 8% BT 91nthus i 4 wdssananmuiniuneslduansadoyadidnnsedindi
sswﬂ’uﬁﬂﬁjwﬁimﬁ’wﬁmﬁ'auﬁm%uﬁuﬁﬁwmsL%amGfaﬁ’uﬁ’ﬁyzywmlﬁww%'mmﬂﬁu%mi
Sumediinrietneifisrtufie BT (BT-FON service) vosiuiliinimgorvainssuiu Swhlidwii
isrvamsalivszlenianteyagunsalinaluladdsnarnfienisduiiania (track down) 1

ANTeYinAURALe (perpetrato) lunian®

3.2.3 walulaBilansa1anisalenveynssa (Predictive Policing Technology)

U QJdI

Wmhndsduldngranewisansiverandnsidmalulagvatesduuulunisduiin

v a ¢ v oA ¢y ) U &
JoyauariinsizivayarunalgiiieUseleviiunisdesiularysuusuervyinssy seseluil

" Keyur K Patel, Sunil M Patel. (2016, May). Internet of Things-IOT: Definition, Characteristics, Architecture,
Enabling Technologies, Application & Future Challenges. Retrieved from IJESC, Volume 6 Issue No. 5:
https://www.researchgate.net/publication/330425585 Internet of Things-

IOT _Definition _Characteristics Architecture _Enabling Technologies Application Future Challenges

8 |an Kearns, Rick Muir. (2019, March). Data-driven policing and public value. Retrieved from The Police
Foundation Kemp House: https://www.police-foundation.org.uk/2017/wp-
content/uploads/2010/10/data_driven_policing_final.pdf
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1) wandIiAIAN1Tala1YYINT5U (Predictive Policing)®!

FoNALITNIDIUTUATUINDNITAIANITAIRNEY 1N T3 (Predictive Policing) Hlwdans

Y
Y

37w (Algorithms) WuszuuufuiRnisussuianadeyaiiolitoyaiBenisnensalsdunisiiannd

Ton1aLd8992LAN01YYINTINNI DUWHUN 815y 1NT5U (Forecasting Crime Location) Tagta 119

v 6

Jeauldngrangluansiverundng (UK) ldeensduisiimenisindulafoniiuiieannsiansi

(patrolling decisions) InsgandlisazamnaziuanIunillonadssnonisiine e nssy (Hotspots)
lun1snseianuraUseiandiee) Tuusenvesansiveg1dns fe annsne (burglary) AUTULTS

UuNBIaUY (street violence) NM5LasNIsUEUNIMIUE (vehicle theft) weRnssusioAIudAY (anti-

social behavior) Falunfinduse1sainane (regularity) luansnge1undng nann1saUes
gordLITAIAN1TAlow INTTUAR YUy aanunTAeine 1w INTINUSEINAIna lueRn (historic
location data) 113LATIZURMNLLIAATILT DI @D UNNARe1ve 1N TIHluRAndALdslun1SIAA

21 InsTugladnluanuibiy Asiudmiimsaensiavzlasudeyaaniuidewianisiin

a

Aa (3 ¢ & 1 Y < v v a d' (J & A
E]’]‘;Uiyl’lﬂiiiwnLﬂ’iﬂgﬁiﬂﬁl%awmwﬁﬂﬂﬂﬁ’]'}LLa%ﬁ']ll'ﬁiﬂfULUu%@%ﬁIUﬂ?imﬂﬁﬂﬁ]LWE]ﬂ’TM‘L!@Wu‘VWl*’\]%

U

99NLAUATIINGT (foot patrol) 19l drtinausIsranIndaniinuauduasdngy (East Midlands) 19
naaesUsuldrendwrsilunsufiRnuiedesiulazUsnuusuensginssulseandnning wui

HANIIAIANTITAIANTBNARITTAINLUUEITT 78% Tuusazad Turuznnisufdaanulae lduwus

'
1

U URmuLUULHLLAY (traditional techniques) imuudiuglunismanisaldeyaniuaniuniey?

Y

51% atsnuinlulszmasinguldinauingmagdiuiu 2 wiiliihgenduisninnisalnngginssy

(Predictive Policing) luusuldlunsaiiusuluusuniuanasiu Ae drilnauisaniailewnud

a v o 1%

(Kent) way 1ad 8501885 (West Yorkshire) 2813l5Af Areundnsiuaiuni1ssusosuseansninens

o«

[

NAN13AIANTAIDTEYINTIUTITMansNT1ia (imited evidence) addlifinissusemangadu
130157101505 Ul U SN Uil Az dsnas 99 ns1n19AAI Y INTIN H318971UTINTUAITIVUAT

aawaulda lulssimaansgowsnivsuldganduisasnatlunisuguanidiuavdanali

# The Parliamentary Office of Science and Technology. (2014, July). Big Data, Crime and Security.
Retrieved from Houses of Parliament, The Parliamentary Office of Science and Technology. POSTnote
Number 470: file:///D:/P%20Pim9%20big%20data/UK/Big%20Data,%20Crime%20and%20Security%20-
%20UK%20Parliament%20POST-PN-470.pdf
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a'mfgfmﬁiﬂuﬁuﬁamaa witeyananadlilasunistudusgisainugndes waganuaie un
Funsgsi LA atunsd@nwidunisiis unsvaduldnguansuvudgdearans i dugiudy
(geographically-focused policing initiatives)i@uauuz31n1sldsansiuIsnennsalil ui L vaiin
pragyInssuarminldaiunsandne vey1nssy (displace crime) Iuﬁuﬁﬁqﬂmmmmﬁﬁmalﬂlﬁ
uwivzdsnansenulufifdufieannsoanlonanseddinmsiinervanssuls fensufoRaus
1300NATIINT WS DAARTERURLTIve W Mt Tis Taaseminanswenandns (UK) wasidmiid
isavluanszonint danuuansisiu nandedniidsemennaluanysoudnldwmugly
MM3a1ARsELaY (car patrols) widmifimsaaeasisluansiwetandnsldnmsdusiiluniseen

MFINTINUN (foot patrols) AtUUTEEVEHATEINTITENALITAIANITAIDNTYINTTUADATINITLAA

919833 UANIIFIUNINIUALANIFBLITNITID1IALUANE 1A

1.1) wandwlsinsalwa (PredPol Software)®?

Fod LIS oN1TAIANISalB T INT SIS Alna (PredPol’s predictive policing

[

software) 1unilslugonduwisndnannsyauduf e unsnensalun Aoy 1nssu Asnis
A = a Yo a e~ ° ° =
Anaziuanunilonadsaineginssulaglysanesin Tud a.a. 2013 ddnaumsiauiaies

st (Kent) lavhassusuldaensduasinialna (PredPol Software) iieauuayuusunistesiu

v =2 v

811338 (Crime Prevention) wuiwendwisinsimieiteyasivyinssuiigniuiinidiunly

sruURgeenludAduI 2 aswiodu lngussianvesteyamimthimudesaudduiindissuy

14 ¥ d‘

LazgnueniuIsIiATIEieg1aiuieanIunsal Ae Tayan uanIUAiAWA B YYINTINENNTNE

Y

(crime location data about burglar) mmsﬁumwuwyamuu (street violence) N151a5NT54

B81UN1UE (vehicles theft) waswgAnTTuRBAIUAIAN (anti-social behavior) uanaNtwaneLIS

o ¥

L‘W%@I‘waE‘J”qmﬁuamaiuﬁmé’faﬂﬁnmwgﬂﬂ’umifﬁawé’ﬂ 5 Y uNUsEUIaNALAIASIERIIANL

Y

1 I 4’1 A o a 1 v a Y 14 X v a o =] 1
U’]’ﬂgLUU“UENWUVILﬂENLﬂG]E]']“UQJJ']ﬂ'ﬁSZJa'NWU’]FLUE]ﬂ 12 ?I?IJJQI‘MLLﬂL"\]’TMU'WW]']'YJQLJJE]QLQ UR b

8 The Parliamentary Office of Science and Technology. (2014, July). Big Data, Crime and Security.
Retrieved from Houses of Parliament, The Parliamentary Office of Science and Technology. POSTnote
Number 470: file:///D:/P%20Pim9%20big%20data/UK/Big%20Data,%20Crime%20and%20Security%20-
%20UK%20Parliament%20POST-PN-470.pdf
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$uns1u Puduansunuiiosanssuludead 500 M1379# (500 square foot) delidmihiise
ansneennsans sz uluiiuildesiidvang egrdlsfiny nneudnnsusuldeensuag
wSalnavesdminfissiadiennus nutwenduafiiulsslevidonisaniduiusaznisdey
57897UN5UJURMU (reports) witlilanunsaadrapnuudsuulategradufivusydng (small drops)

TugifiveansandnsnevgInssulssiandana1IuasngRnssudemudnuveEnTeyiAuHnla

1.2) FoNARISWEINTAILNUTNDYEYINTINAIMTUN (Prospective Mapping)®
AINIUANTIIER 85T (West Yorkshire) TanwaunganinIsneInsadbly

No1vyInsIua1ent (Prospective Mapping software) Jusinlaios Inadin1swaungeansdis3asiu

Y [

NIdrANUNINeIuRealaIaeuneu (University College London) iielglunisaminnisalaaiud
@eoainevenssuussLananalue (forecast hotspots for burglary) wagn1slasNITUYUNINUEY

(vehicles theft) 9anAwIsNANTNITUANTIILAIER BasnTies (West Yorkshire) tonwaiudule,oedl

1%
[y

a ¢ v ) vy a v aAa a o =1
mmmamﬂwmayjﬂmunm 2 U Iﬂﬂﬂgiﬁsﬂa%ﬁ@UﬂquﬁﬁqummLﬂﬂ@q%mqﬂiimaﬂ‘VﬁWﬂsﬂu

'
1 '

dounasll 3 a1indNkumIneInsaivnudssinevyinssuasminlulagiu Winiifee

a

a1unsiveenujUinuaianseiiulestunitundlunuiidesigneenduisnanisalll nasnaudi

Y
Tuliduwusih@adestuavyinssuwigerdeluazianlndifesiunideseg1elnadea aanflsisian
InTnasiuLaLBS (Greater Manchester Police) WuunujjUAnaswenduisainanluusuld wa
NSUTEIUNHLIY8Y (peer-reviewed evaluation) Wui18nsINISANDIYYINTINANRSLUNUNT
a v q v a wa . Y] | | Y ] ¢ ¢ e A '
1n15U5UTEwwU{uR (technique) Aananisiudunisidrendnlsannsalnune vy INssuLINd

(%
va o

wunilafinislduuiuuadananisiuiunisiduseleviaingendulsussinmiedny

® The Parliamentary Office of Science and Technology. (2014, July). Big Data, Crime and Security.
Retrieved from Houses of Parliament, The Parliamentary Office of Science and Technology. POSTnote
Number 470: file:///D:/P%20Pim9%20big%20data/UK/Big%20Data,%20Crime%20and%20Security%20-
%20UK%20Parliament%20POST-PN-470.pdf
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2) Wsunsuuszandvsauaunaiady (App)®
dnauisaluanswerandnslinerguuiuasuuuuunsianisteyaiite

mstesiuesgnssulivnzauiulangalagiuidsuwladueg usadmemalulad soufs

v
v ¥ 4 v v

wAnssuvesglinadmihgaduldngmnouazyszvulumsiu-dedoyatnans Tneldiaun
LL@UWELﬂ%’ulﬁamiﬂaaﬁumzﬂawﬂimm%mwﬂsimé’m%’uﬁaﬁalﬁwmEJ@ULL‘UU il

2.1) waundndunsaulalasi (Pronto Crime app)

dfnausisauianad sesnides (West Yorkshire) Tousuldueunaiadunsouln
lasy (Pronto Crime app) Lﬁ'aﬁ’uﬁﬂ%yﬁLﬁ'mﬁ’mmmﬁw’miim (crime) LL@SIM'LﬁIBQﬁULﬂG!
97195y1n354 (non-crime)

2.2) waUndntuiiioAume (The Missing Person App)

FednnsinaRauaAat ey lunad sasnides (West Yorkshire) i
ATIIAILIER BasLlEs (West Yorkshire) 3sdidnenmuazUszaunisallunisinnisadninala
ageiuseaniunisel Tngldldueundnduiionuie (The Missing Person App) s8uiasesiioluy
mauvsudeyavesyaraiigymeliunifstesiunflssunisudans Sedmarnensinnium
yARRg el 19TiuYiaei

2.3) Bumaunaundady (Intel App)

=

lUsunsuuszynatgnasauieguisliidminidsan U uReudiuni
(Front-line officer) @111500u7n (Record) waguustudoyay13nsad (Share intelligence) T34

AU UNNIT04 A D819 UY9T MRDAIUAANITNTDNLENANSTLUUAILALAS

3) Wsunsuwinlusn (Tempora Program)
TWsunsuwinlusn (Tempora Program) \lupsesiievnanalulagiilddaiudesya
wuIalngy (Bulk Data Collection) ¥03Usey1¥UNINGULAEN 98N 201VYINTTULAL NG UUTEVIHY

sysunioinguszasrnuANiuAIeslsTve AuenasTiennslnaueldaise aluinu

# Motorola Solutions. (2018, July). West Yorkshire Police Transforms Front-Line Policing. Retrieved from
Motorola Solutions: https://www.motorolasolutions.com/content/dam/msi/docs/en-xu/public-

safety/pronto_west yorkshire_police case study.pdf
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(Edward Snowden) 1ud a.¢. 2013 91891710890 Y¥1N154 081598955U"A (Government
Communications Headquarters: GCHQ) 7 1 unursarunniuguateyanisinmed eainig
didnnsedindiflennuiuasngluansiverandns vinnmafuteyanisinsedeasuulasetie
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 Claude Moraes. (2014). Committee on Civil Liberties, Justice and Home Affairs, 2013/2188(INI).
Retrieved from European Parliament:
https://www.europarl.europa.eu/document/activities/cont/201403/20140306ATT80626/20140306ATT806
26EN.pdf

8 European Court of Human Rights (ECHR). (2018). Handbook on European data protection law 2018
Edition. Retrieved from European Union Agency for Fundamental Rights and Council of Europe:

https://www.echr.coe.int/Documents/Handbook data protection ENG.pdf
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¥ Hannah Couchman, Alessandra Prezepiorski Lemos. (2019, January). Liberty report: Policing by
Machine. Retrieved from libertyhumanrights.org.uk: https://www.libertyhumanrights.org.uk/wp-
content/uploads/2020/02/LIB-11-Predictive-Policing-Report-WEB.pdf
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% Victoria Baines. (2008, November). Online Child Sexual Abuse: The Law Enforcement Response.
Retrieved from ECPAT International: https://www.ecpat.org/wp-
content/uploads/legacy/Thematic_Paper ICTLAW ENG.pdf
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%% QOlivia Solon. (July, 2020 17). Inside the surveillance software tracking child porn offenders across the
globe. Retrieved from NBC News: https://www.nbcnews.com/tech/internet/inside-surveillance-software-
tracking-child-porn-offenders-across-globe-n1234019

°! Claudia Peersman;Christian Schulze;Awais Rashid; Margaret Brennan;Carl Fischer. (2016, September).
iCOP: Live forensics to reveal previously unknown criminal media on P2P networks. Retrieved from
sciencedirect: https://www.sciencedirect.com/science/article/pii/S1742287616300779

%2 Child Rescue Coalition. (2020). Child Rescue Coalition Annual Report 2020. Retrieved from Child

Rescue Coalition: https://childrescuecoalition.org/child-rescue-coalition-annual-report-2020.html
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%% Claudia Peersman;Christian Schulze;Awais Rashid; Margaret Brennan;Carl Fischer. (2016, September).
iCOP: Live forensics to reveal previously unknown criminal media on P2P networks. Retrieved from
sciencedirect: https://www.sciencedirect.com/science/article/pii/S1742287616300779
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